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Abstract—The purpose of this paper is to show
that how the information systems have moved
from data integrity to information integrity to
learning integrity and integrity of learned
information. Since the smart systems are smart by
virtue of being able to learn from the environment.
In case decision making has to be done by the
smart systems it is extremely important to
evaluate the integrity (accuracy, consistency and
reliability) of the process of learning by the smart
systems i.e learning integrity and subsequently to
evaluate the integrity of learned information,
The approach adopted here is conceptual in
nature and literature review of the relevant papers
is also presented.
The paper proposes the concept of learning
integrity and integrity of learned information. Also
a framework for evaluating the two has been
recommended. This framework will help to
improve the cognition of smart systems.
The implications of this research is that it
proposes to strengthen the decision making of
smart systems in terms of improved accuracy,
consistency and reliability.
It will have practical implications in terms of
improved decision making by artificially intelligent
businesses.
The society will undergo a change in terms of
people and their lives and life styles as the new
age smart systems become more accurate,
reliable and consistent.
Key words: Data Integrity, Information Integrity,
Smartdata Management Systems, Teaching
Learning interplay, Improved Cognition
1.0 ABOUT SMART SYSTEMS
In a complex and changing environment
Information Systems are described as an entity which
continuously process information in a ‘controlled’
environment. Here controlled implied situation which
entails continuous input, process and output of data
with a view to achieve an objective, has an internal
environment, external environment and works on an
internal feedback loop [27] [12]
Data underlying such an information system is both
normative and factual also should be processed on a
continuous basis. This implies the data and hence
these Information System should address open

systems. This brings forth the question of what
characterizes open and closed systems and how are
they differentiated from smart systems.
Smart systems by definition are systems with
special capabilities for sensing and control so that it is
able to define and evaluate a state, and make choices
based
on
the
accessible
data
in
a
prognostic(predictive) or adaptive manner, thereby
performing smart actions. In most cases the
“smartness” of the system can be credited to
independent operation based on control, energy
efficacy, and networking proficiencies [1]. Thus it is
apparent that these smart systems are actually based
on data which is being continuously accessed from
the environment, they also have a decision making
ability under diverse situations.
Open systems on the other hand are defined as
the one in which boundaries permit interaction with
their environment. An example is a cell within the
human body. The cell membrane quite clearly defines
the boundaries of the cell, but it also enables nutrients
and information (impulses from the nervous system)
to enter and waste and information (impulses to the
nervous system) to exit. As open systems at a micro
level (cells) are enveloped in a more macro system
(human body), they are referred to as nested open
systems. A closed system does not export or import
information, or material [22]
Thus comparing the two definitions above, it
emerges that smart systems are essentially systems
which are open in nature (as they exercise control
similar to open systems) and have an additional ability
to analyze for predictive and analytical choices in
decision making which accounts for the cognitive
capabilities of a smart systems.
2.0 PRACTICES IN SMART SYSTEMS AND 5 C’S
As described above all smart systems are driven
by data which is collated from environment. Within the
context outlined above, there is yet another issue - in
addition to the uncertainty and judgmental factors at
smart system-human interface [13] concerning the
smart system design methodologies that start from
user needs (requirements identification) to giving
finished information systems and information there
from for use by way of delivery of improved decisionmaking. Specifically, it makes data repositories deal
with evaluative information items that are not only
function of “source” (information in this form is
normally termed ‘data set’) and at the most of
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“process” (which includes medium of communication)
but also of “recipient”, i.e., user with the objective of
improved decision-making. This again introduces new
types of data inconsistencies and errors in the data
sets. Because the data set does not only have the
data being entered and stored, it has also to account
for information origination and evaluation and for the
errors arising out of the data origination and
evaluation, processing it through channels (medium)
for entering it into the data set, and (for the errors
arising) out of incorrect use of information [11][20].
The above discussion gives rise to the age old
concern of data integrity for which many tools are
being used to clean the data set like data scrubbing,
extraction transformation and loading tools etc.
[2],[4],[10] [38]
In fact, with increasing use of computing and
communication technology in smart systems and with
incessant use of computerized information systems
for global operations, system environmental factors of
Complexity, Change, Communication, Conversion and
Corruption (5 Cs) [7] [22] have started impacting the
smart systems and datasets, thereby introducing
further data inconsistencies and information errors
[27]. These system environmental factors are outside
the logical environment of the traditional database
design view and, hence, errors (as a result of them)
are not amenable to control by data integrity
mechanisms controls normally considered at the data
design stage [34].
2.1 Complexity
Complexity factor signifies existence of many
interdependent variables in a system. More is the
interdependence of variables greater the system’s
complexity [8]. A system of variables is “interrelated” if
an action that affects or is meant to affect one part of
the system also affects other parts of it. This is
because links between variables require attending to
a great many features simultaneously, and that too
concomitantly, which makes it impossible to address
only one action in a complex system. This in turn
leads to data errors not encountered in simple, nonintegrated systems.
Great complexity places high demand on the
information system’s capacity to gather (i.e., originate
or produce and evaluate) and store information,
integrate findings, and process information, which is
trustworthy or dependable for use (say, that in the
form of improved decision- making). At a detailed
level, these system’s issues contributing to complexity
can be identified in terms of: number of components
(every new component, be it hard or soft, adds new
interface in the system of business enterprise, and
therefore new variables in the system and increases
complexity), number of interfaces, number of types,
volume, speed, frequency, span of time, number of
steps, signal to noise ( S/ N ) ratio, standard deviation
/ number of branches (number and level of decisions),
degree
of
interconnection,
integration
and
interdependence, distance, momentum, velocity,

quantitative vs. qualitative, subjective vs. objective,
differences in way of handling information, etc. [14]
2.2 Change
A change could be in content or context. It might
have been caused due to a number of factors, and,
therefore, have multitude of origins and descriptions.
For example software change, hardware change,
organizational change, design changes, process
change, regulatory changes, people, supplier,
consumer, technology changes, economic change,
societal change, time changes (decay), discrete
change, continuous change, general change,
conceptual change, operational change etc.
All business enterprises show dynamic behavior.
That is, as time passes, the state variables by which
one measures their condition (such as sales, profits,
stocks, balance of payment and many others),
fluctuate noticeably, sometime alarmingly as when
cash reserves fall (and occasionally, of course,
gratifyingly such as when profits rise). These
fluctuations are because of input variations, which are
contributed by pressures generated from within the
enterprise, in turn leading to errors in data and
information and hence in data sets [28].
2.3 Communication
Communication factor where "communication"
stands for movement (transfer) of data/information
across space and time. At a detailed level,
Communication factor operating within and across
enterprise is influenced by requirements of:
languages, distance, protocols, transmission, receipt,
signal to noise ratio, verifiability, medium,
confirmation,
asynchronous
and
synchronous
communication, acknowledgement, etc. And it is this
Communication factor that also provides a chance for
error introduction in smart systems leading to
inaccurate, inconsistent and unreliable information
[28].
2.4 Conversion
Conversion factor, refers to the consolidation,
decomposition or transformation of data. At a more
detailed level, ‘Conversion’ can be seen to be
influenced by requirements of: transformation,
consolidation, decomposition, planning, format
conversion, medium conversion, merging, splitting,
translation, etc.
Whenever one converts data from one form to
another, there exists a possibility of error introduction,
resulting in information, which may be inaccurate. To
explain, conversion covers the "processing" stage of
smart systems. This stage transforming "data" into
"usable information" comprises machine operation,
use of data files, use of systems and application
programs and of processing operation itself. While
machine operation suffers from errors caused due to
incorrect and/or fraudulent operations, processing not
on time, machine breakdown, etc.; in respect of data

www.jmess.org
JMESSP13420519

2570

Journal of Multidisciplinary Engineering Science Studies (JMESS)
ISSN: 2458-925X
Vol. 5 Issue 4, April - 2019

files errors caused are due to poor physical storage,
lack of clearly defined responsibilities for data files,
inadequate procedures, natural disasters and theft,
fraud or sabotage, Against this, during the use of
systems and applications software, errors caused are
due to out of sequence programming, wrong
algorithms, wrong programming instructions, poor
documentation, lax security; resulting in incorrect
solutions and unauthorized changes. And coming to
the processing stage itself, perhaps the most
significant cause for errors is carelessness in data
processing; resulting in records lost and use of
incorrect file. Finally, the "processing" stage through
all these operations would also have human-smart
system interfaces at various levels and they would
contribute to errors in business information
environment. [26].
2.5 Corruption
The ‘Corruption’ factor relates to human behavior
(poor motivation, desire for personal gain,
carelessness,
actions
of
people)
and
to
unpredictability (noise) of any kind leading to
introduction of errors in the business information
environment. At a more practical level, ‘Corruption’
factor can be viewed as resulting from accidental,
erroneous, or malicious alteration, loss, or duplication
of information. A comprehensive description of the
‘Corruption’ factor could be based on concepts of:
accidentally, deliberateness, failure, alteration, loss,
defects, context, data entry, duplication, etc.
All these aspects as contributed by 5Cs, then, lead
to errors in business information environment
corrupting it with noise, as a result of which the smart
systems inherit errors as it processes data and
information that are inaccurate, imprecise and
unreliable.
Thus there is clearly a need for a data set, which
offers normative and factual information with integrity,
i.e., information, which is not distorted and noisy, i.e.,
information with accuracy, consistency and reliability
alternately called as information with integrity. Thus on
top of data integrity another level of integrity emerged
which is referred to as Information Integrity [21]
Cognitive capabilities of smart systems [3] may
alternatively be referred to as smart systems based on
learning integrity, which is explained below
3.0 LEARNING INTEGRITY BASED SMART SYSTEMS COGNITIVELY CAPABLE SYSTEMS
When modeled as function of “source”, “process”
and “recipient” with the objectives of improved
decision making for greater system effectiveness and
economy, information acquires normative (evaluative)
and factual components – a shift from information item
requirement of mere factuality as in an existing
database. Both these information items are critical to
useful decision-making and impart requirement that
information originated, evaluated, stored and retrieved

for improved decision-making is sufficiently perfect
(non-distorted) and full (complete) [17]
In smart system the capability to self-learn in wake
of evolving data set and being able to take decisions
with integrity (implying accuracy, consistency and
reliability over a period of time) [29] is then defined as
a function of inverse amount of distortion
(imperfectness, i.e., loss of goal, direction, objective,
or value) and noise (incompleteness) present 16]
Learning Integrity is thus concerned with the
correctness and exactness of the information. It is
dependability and trustworthiness of information and
controlling it is a key factor for determining strategic
business advantage by way of delivering improved
design decision. Its attributes are accuracy,
consistency and reliability of smart system and
information there from [23], which encompass the
data integrity and information integrity aspects as
outlined above.
External as well as internal user aspirations –
described through their respective environments - are
becoming increasingly local and instant, requiring
recognition of importance of environment as a major
factor in decision making under complex and
changing environment, [15]. This then calls for
information origination and evaluation processes
hitherto not considered. These processes (or rather
absence of them) and uncertainties therein are
contributing to ever-increasing need of Learning
Integrity and its assurance.
4.0 ISSUES IN CREATING DATASET FOR IMPROVED
DECISION MAKING IN LEARNING INTEGRITY BASED SMART
SYSTEMS
Dataset must take into account the changes
enterprises are going through as discussed above
There is clearly a need for the databases to be open
and adaptable to the changing needs of the
organizations [18], [17].
The possibilities of data inconsistencies as a result
of uncertainties on account of openness identified,
bring in the issue of lack of integrity in the decision
making of the smart systems, thus to improve in the
cognitive capabilities of the smart systems it is
imperative that lack of Learning Integrity is identified
and improved in automated systems. [11]. The
possible sources of introducing lack of Integrity are:
1. Data Origin Stage: Erroneous data origination
and collection methodologies [15]
2. Communication Channel (Pre- and Postprocessing stage): Communication noise introducing
inconsistency in the data transmitted.
3.

Processing Stage:

a.

Data errors at this stage could be arising out



Wrong programming instructions

of:
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Erroneous software environment: The errors
in the software environment could be arising out of
errors in the operating system, database system,
middle layer, front end etc.


Lack of security authentication mechanism



Usage of incorrect files in data processing



Lack of documentation



Natural disaster, theft etc.

4.

Output Stage:

environment) of its objective or goal [22], which can
be referred to as Smartdata Management Systems
(SMS). There is another perception of this statement,
when we consider the data with its acquisition cycle,
which has arisen out of an error situation than that
acquisition is actually aimed at making the data set
smart subsequently it is updated for enhanced
cognitive capabilities that implies that there is an
improvement in integrity of decision making thereby
making the system smarter due to increased learning
integrity (Fig 2.0).

a. Thus at the output stage the database
contains data which has been generated with possibly
erroneous procedures and hence might be
inconsistent giving rise once again to integrity issues
in decision making [Linhua et al, 2015]
Thus errors in the information systems result in the
loss of integrity at each stage in the information
system, and thereby resulting in the overall loss of
system integrity [11]. Since a dataset is centric to any
information system, thus the loss of integrity in
information system actually implies loss of integrity in
decision making thus to improve the same, additional
information acquisition and utilization [22] is required
which means improving the learning ability and hence
integrity of the system there by enhancing its cognitive
capabilities and learning integrity.
5.0 SMART SYSTEM VIEW OF DATASETS
SMARTDATA MANGEMENT SYSTEM (SMS)

Fig 1.: Applications with emphasis on system integration
maximization with static data set

–
i: Current static system view

The analysis above has unequivocally brought
forth the point that under the incessant requirement of
system integration maximization and with the
information technology for the same becoming a
reality across the supply chain [19] and on the Net;
our information systems and, hence, data sets are
getting exposed to uncertainties arising due to the
constantly changing environment. The environment,
that is, external to the logical environment of
traditional applications and data sets and which has
never been the design concern. The data sets that we
have today are not only limited to being accessed
within one organization. There are actually open,
complex systems which can be modeled as
networked, distributed or embedded databases
(specifically in industrial automation and IoT systems
using sensors) [39] [5] covering data origin,
processing and use stages as one is in a shared
environment with users having access to stored data
as designed by vendors. In other words, there is a
change in IS and data set Design View as shown in
Fig 1.0. It (fig 1.0) shows a static data set which has
been integrated with in or across an organization, this
integration is a function of communication and hence
network, thus though the information process in the
information system may be reliable but may not be
accurate and consistent with the changing business
environment. In fact, we are arrive at a view of the
data set where it must be seen along with an
acquisition, utilization cycle, and the context (i.e.

ii: The proposed Smart
data Management Systems
view of the dataset
Fig 2.: Current and proposed dataset views

Smartdata Management System view based model
[25], which has its analogy in the core Information
System model. This is because like an Information
system this model starts from the stage where the
data originates and ends when the recipient receives
the information. The earlier data set models were
actually only considering the management of data
residing in the system and were silent on the changing
data sets as they were more akin to providing data set
for decision making in static environment however
now as the context for decision making is changing
the data sets too need to add a continuous acquisition
cycle shown on the left of the figure 2.0 ii and a
utilization cycle shown on the right of Fig 2.0 ii to
maintain the cognitive capability of the smart system.
6.0 FRAMEWORK FOR LEARNING INTEGRITY
SMART SYSTEMS’ IMPROVED COGNITION

BASED

From the above discussion it emerges that
Smartdata Management Systems are a requirement
for the cognition of Learning Integrity based systems
(which is developed on the building blocks of data
integrity and Information Integrity). To further delve
into the aspect of decision making by the smart
system; any decision making is a function of
constructing improved knowledge (in the wake of 5
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Cs, all pervasive internet and other data/information
inconsistencies as outlined above) which is relative
wherein some interpretations have greater relevance,
thus knowledge is contextualized and situational and
knowledge beliefs are justified probabilistically (refer
Appendix I, figure 3.0)
The context and situation stated above represent
the environment and the related environmental
variables pertaining to the decision maker (here the
decision maker may be the smart system which is
expected to replace a human being or human being
himself/herself). The environment is considered to be
consisting of following layers [31]:
6.1
Integrating
cognitive
and
intellectual
capabilities with value creating framework
This implies the individual cognitive capabilities
applied to decision making, these individual cognitive
capabilities are a function of traditionally transferred
beliefs, memory, problem solving and critical thinking
capabilities, experiential learning based value creation
at an individual level [30] [6]
6.2 Learning themes driven process centric
instruction emphasizing coaching (mentoring/tutoring)
learning interplay
This implies when the individual decision maker is
exposed to a process in which the decision is to be
made and each time the decision making context may
vary then the decision becomes a function of an
interplay between the teaching (coaching, mentoring,
tutoring) system, this interplay may be between a
team and group. The environmental variable which
impact the decision making in this situation are
identified as self-directed learning, independent
learning, delivering learning outcomes i.e. learning to
think, collaborate and regulate future decisions.
[24][32]
6.3 Allocation of attention for sharp-end dynamic
decision-making and endogenous learning
This implies a situation when the decision making
eventually becomes a function of a larger group like
an organization which exhibits management behavior.
The environmental variable which are significant at
this level of decision making are – prediction of future
states, planning, scheduling and implementation of
beliefs which actually translate into vision, mission
and strategic objectives of the organization. The
decision making thus is expected to be implemented
through Teaching Learning System Performance
Improvement processes in context of change
implementation for the benefit of end beneficiaries,
value creation and end performance desired for which
it is imperative to recognize and redefine performance
measures hence to originate information processes
and information therefrom. [33].
6.4
A
brain-like-connectome-structured
[9]
Teaching Learning Interplay platform performing a
new instrument for “A Digital Process Choreography
of Excellence” (DPCoE)

This implies a situation where the decision is to be
made by an organization and the same is considered
to be a network of several smaller groups. When this
network of groups is encountered with a change from
standard information nodes’ structure relationship (in
the connectome structured networked organization of
information nodes) as a consequence of environment
including local knowledge, strategic and attentional
dynamics, factors for dynamic decision making at
sharp end and endogenous learning interplay
between constructive and destructive content,
between contextualization(local context and individual
situation of learning ) and de contextualization (
learning globally ), between external (teacher directed
) and internal ( learner directed ) regulation; all these
become environmental factors which have to be
applied synergistically to evolve the value of learning
integrity. [Wiltz, 2018]
6.5 Decentralized and distributed information
processing
This depicts a situation in decision making when
the information processing is heavily decentralized
and distributed more likely in a larger networked group
compared to the mentioned in para 6.4, it could be the
decision making at societal or cultural platform. This is
expected to function through formations of
connectome structured networked small-group
organizations of information nodes by an ensemble of
academic, professional and user communities which
will be delivering brain like network processed
informational work outcomes namely connecting to
grow, pruning, maturing, reinventing, integration of
logic and emotion, metacognition and with information
nodes representing learner and teacher driven roles
for improving learning integrity in future. [37]
6.6 Integrity of learned information contributing to
higher cognition
In the Fig 3.0, Appendix 1 there are two crosses
shown depicting ‘Decision with low cognition’ and
‘Improved decision with higher cognition’, the layers
and environmental variables defined above are a
proposed framework to move from ‘Decision with low
cognition’ to ‘Improved decision with higher cognition’,
the improvement in cognition for decision making is a
function of learning integrity as explained above. Thus
it emerges that just as Information Integrity is a
measurable phenomenon [22] similarly integrity of
learned information should also be measurable.
7.0 CONCLUSION
All business are open systems ,as they interact
with the environment. Thus all Information Systems
and hence data sets are also open systems . Open
systems introduce lack of integrity at data
origin,processing and output stages,due to their
continuously changing nature.Thus the data once
stored in the database is not good for future use,
subsequently the concern of data integrity arose,
which has been addressed through tools for data
scrubbing, extraction, transformation and loading etc.
Once the data is processed through these tools it is
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treated as information and it has been proven that
there is a need to continuosly acquire information and
utilize it. The utilization is done with a view to improve
the decison making capability of systems in a
changing business environment [22]. This is
accomplished by attaching an acquisition ,utilization
cycle to traditional data sets. Not only this , as the
traditional databases become open they will also store
factual as well as normative information with reference
to the changing context [22]. The attachment of
acquisition and utilization cycle to traditional static
data set was meant to resolve the Information Integrity
issue. The data set design had to be such that it
catered to maximal and current data : both normative
and factual. Thereby making the systems smarter and
with higher cognitive capability due to increased
learning integrity made possible by Smartdata
Management Systems. This Smartdata Management
Systems in order to improve the cognitive capability of
decision making had to consider the achievement of
learning integrity over and above the data integrity
and information integrity.
The learning integrity helped in improved decision
making through improved cognition of the smart
systems. The improved decision making was an
outcome of improved knowledge which is
contextualised and situational in other words the
improved decision by smart systems was a function of
integrity of learned information. Integrity of learned
information is proposed to be computed as a function
of environmental variable which are to be captured
through the framework comprising of five layers
namely : integrating individual cognitive and
intellectual capabilties with value creating framework,
learning themes driven process centric instruction
emphasizing teaching learning (T-L) interplay,
allocation of attention for sharp-end decision making
and endogenous learning, a brain like connectome
structured T-L interplay platform perfoming a new
instrument for ‘A Digital Process Choreography of
Excellence’ (DPCoE) and Decentralized and
Distributed information processing [36].
8.0 FURTHER RESEARCH DIRECTION
This paper explains the concept of learning
integrity and integrity of learned information for
improved cognition of smart systems. Learning
integrity encompasses the earlier definitions of data
integrity and information integrity ; integrity of learned
information is applied on the process of learning
integrity. Further reserach direction would be to derive
the relationship between environmental variables
described above in the paragraph 6.0 (on Framework
for Learning Integrity based Smart Systems’ improved
Cognition ), identify the measurement criterion for the
integrity of learned information and to derive a cost
benefit analysis for the proposed framework.
9.0 REFERENECES
[1] Akhras, G., "Smart Materials and Smart
Systems for the Future", Canadian Military

Journal, 08/2000
[2] Amaya Noain-Sánchez, (2016) "Privacy by
default” and active “informed consent” by layers:
Essential measures to protect ICT users’ privacy",
Journal of Information, Communication and Ethics in
Society,
Vol.
14
Issue:
2,
pp.124-138,
https://doi.org/10.1108/JICES-10-2014-0040
[3] Brian H. Rudall, C.J.H. Mann, (2007) "Smart
systems and environments", Kybernetes, Vol. 36
Issue:
3/4,
pp.456-464,
https://doi.org/10.1108/03684920710747066
[4] Cheon‐ Pyo Lee, (2005) "Public Sector
Information in the Digital Age", Information
Technology & People, Vol. 18 Issue: 4, pp.405-407,
[5] Dong-Hee Shin, Yong Jin Park, (2017)
"Understanding the Internet of Things ecosystem:
multi-level analysis of users,society, and ecology",
Digital Policy, Regulation and Governance, Vol. 19
Issue: 1, pp.77-100, https://doi.org/10.1108/ DPRG07-2016-0035
[6] Eunae Cho, Yoonhyuk Jung, (2018)
"Consumers’ understanding of autonomous driving",
Information Technology & People, Vol. 31 Issue: 5,
pp.1035-1046,
[7] Fernando Flores, (1998) "Information
technology and the institution of identity:
Reflections since Understanding Computers and
Cognition", Information Technology & People, Vol. 11
Issue:
4,
pp.351-372,
https://doi.org/10.1108/09593849810246156
[8] Hind Benbya, Bill McKelvey, (2006) "Toward a
complexity
theory
of
information
systems
development", Information Technology & People, Vol.
19
Issue:
1,
pp.12-34,
https://doi.org/10.1108/09593840610649952
[9] Horn A, Ostwald D, Reisert M, Blankenburg F
(November
2014).
"The
structural-functional
connectome and the default mode network of the
human brain". NeuroImage. 102 Pt 1: 142–51. doi:
10.1016/j.neuroimage.2013.09.069. PMID 24099851.
[10] J. Menn, (2011) "Virtually insecure (Internet
data privacy)", Strategic Direction, Vol. 27 Issue: 2,
https://doi.org/10.1108/sd.2011.05627bad.007
[11] Mandke V.V and Nayar Madhavan,
“Information Integrity – A structure for its definition “, in
Conference on Information Quality proceedings edited
by Diane M. Strong and Beverly K. Kahn, MIT,
Cambridge, Massachusetts, USA, 24-26 October,
1997, pp. 314-338
[12] Mandke V.V and Madhvan Nayar , “Akhras,
G., "Smart Materials and Smart Systems for the
Future",
Canadian
Military
Journal,
08/2000Information Quality edited by Yahg W. Lee
and
Giri
Kumar
Tayi,
MIT,
Cambridge,
Massachusetts, USA, 22-24 October, 1999, pp. 38-57.

www.jmess.org
JMESSP13420519

2574

Journal of Multidisciplinary Engineering Science Studies (JMESS)
ISSN: 2458-925X
Vol. 5 Issue 4, April - 2019

[13] Mandke V. V. and Nayar M.K., “Information
Integrity Imperative for Competitive Advantage in
Business Environment characterized by Uncertainty”,
in Information Technology for Business Management,
16th World Computer Congress 2000, Beijing, China
2000, pp. 115-125.
[14] Mandke.V.V, Madhavan Nayar and Kamna
Malik,” Information envelope and its Information
Integrity
Implications”,
in
Sixth
International
Conference on Information Quality Proceedings,
Edited by Elizabeth M. Pierce and Raissa Katz-Hass,
Cambridge, Massachusetts, USA, 3-4 November,
2001
[15] Mandke V.V and Madhavan Nayar, “Cost
Benefit Analysis of Information Integrity“ in
International Conference on Information Quality
Proceedings, edited by Craig Fisher and Bruce
Davidson, Cambridge, Massachusetts, USA.,2002.
[16] Mandke V. V and Madhvan Nayar ,”Beyond
Quality – The Information Integrity Imperative “, in 8th
World Congress on Total quality Management, Dubai,
6-8 October, 2003.Also accepted for publication in
International Journal on Total Quality Management,
Taylor & Francis Ltd., Volume 15 No. 5&6, 2004.
[17] Khurana Reema, “Information modeling for
achieving integrity in databases for open systems”,
Paradigm, Vol IX, No. 1 pp 56-61, Jan/Jun 05

complex system and application in rural economics,"
2007 IEEE International Conference on Grey Systems
and Intelligent Services, Nanjing, 2007, pp. 804-809.
doi: 10.1109/GSIS.2007.4443385
[25] Lihua Lu, Hengzhen Zhang, Xiao-Zhi Gao,
(2015) "Integrate inconsistent and heterogeneous
data based on user feedback", International Journal of
Intelligent Computing and Cybernetics, Vol. 8 Issue: 2,
pp.187-203,
https://doi.org/10.1108/IJICC-04-20140013
[26] Mike Cushman, Rachel McLean, (2008)
"Exclusion, inclusion and changing the face of
information
systems
research",
Information
Technology & People, Vol. 21 Issue: 3, pp.213-221,
https://doi.org/10.1108/09593840810895993
[27] Moray N., "Error Reduction as a Systems
Problem", Human Error in Medicine, Edited
by M.S. Bogner, USA: Lawrence
Associates, Publishers, USA 1994.

Erlbaum

[28] Nancy L. Russo, Erik Stolterman, (2000)
"Exploring the assumptions underlying information
systems methodologies: Their impact on past, present
and future ISM research", Information Technology &
People,
Vol.
13
Issue:
4,
pp.313-327,
https://doi.org/10.1108/09593840010359509

[18] Khurana Reema, “Depicting an approach to
design schema for Information base with Integrity,
Business Information Management”, Goyal, Malik,
McMillan Publishers, India, April 2005

Decision-Making in Smart Service Systems: A
Viable Systems Approach Contribution to Service
Science

[19] Khurana R, Kapoor N ,Mandke V.V, An
analytical framework for cost benefit analysis of
Information Integrity, Supply Chain Management for
Competitiveness, Goyal and Varma, MacMillan
Publishers, 2008

Decision-Making in Smart Service Systems: A
Viable Systems Approach Contribution to Service
Science

Advance

Advance

[20] Khurana Reema, “Business Integration
generating a need for Information Integrity An
example -Supply Chain Management “, vol.5 no 6,
ISSN 1992-8645, Journal of Theoretical and Applied
Information Technology in June 2009

Decision-Making in Smart Service Systems: A
Viable Systems Approach Contribution to Service
Science

[21] Khurana Reema, Mandke V.V, “Business
Process Modeling with Information Integrity”, Business
Process Management Journal ,vol.15 no. 4 in July
2009.

Decision-Making in Smart Service Systems: A
Viable Systems Approach Contribution to Service
Science

[22] Khurana Reema, Mandke V.V, 2010,
“Achieving Information Integrity in Databases for Open
Systems”, VDM publications, Germany ,ISBN No :
978-3-639-29282-4) , pp 18-19

[29] Polese, Francesco & Tommasetti, Aurelio &
Vesci, Massimiliano & Carrubbo, Luca & Troisi,
Orlando. (2016). Decision-Making in Smart Service
Systems: A Viable Systems

[23] Khurana Reema, Mandke V.V., “Modeling
Complex Errors for Information Integrity Analysis”, in
Interdisciplinary
perspectives
on
Business
Convergence
Computing
and
Legality,
IGI
Publications edited by Agarwal et al, June 2013

Approach Contribution to Service Science
Advances. 3-14. 10.1007/978-3-319-32689-4_1.

[24] Lv Ruihua, Wang Qingyin and Wang Weiya,
"Method of multi-layer situation decision-making in

Advance

Advance

Decision-Making in Smart Service Systems: A
Viable Systems Approach Contribution to Service
Science
Advance

www.jmess.org
JMESSP13420519

2575

Journal of Multidisciplinary Engineering Science Studies (JMESS)
ISSN: 2458-925X
Vol. 5 Issue 4, April - 2019

[30] Richard Ying Kit Fung, Shouju Ren, Jurgen
Bode, Shaowu Luo, (1997) "A framework of
decision‐ support systems in advanced manufacturing
enterprises ‐
a systems view", Integrated
Manufacturing Systems, Vol. 8 Issue: 6, pp.365-373,
https://doi.org/10.1108/09576069710367743
[31] Said Elbanna, Ioannis C. Thanos, Vassilis M.
Papadakis, (2014) "Understanding how the contextual
variables influence political behaviour in strategic
decision-making: A constructive replication", Journal
of Strategy and Management, Vol. 7 Issue: 3, pp.226250, https://doi.org/10.1108/JSMA-02-2014-0013
[32] Shih-Yu Wang, Jack Shih-Chieh Hsu, Yuzhu
Li, Tung-Ching Lin, (2018) "Promoting uncommon use
of knowledge in information system departments: The
role of human resource management practices",
Information Technology & People, Vol. 31 Issue: 5,
pp.1008-1034,
https://doi.org/10.1108/ITP-09-20160215
[33] Smith, Wendy. (2014). Dynamic Decision
Making: A Model of Senior Leaders Managing
Strategic Paradoxes. Academy of Management
Journal. 57. 1592-1623. 10.5465/amj.2011.0932.
[34] Syed Arshad Raza, Craig Standing, (2010)
"Towards a systemic model on information systems'
adoption using critical systems thinking", Journal of
Systems and Information

[35] Chris Wiltz, “AI Will Get Smarter When We
Better Understand Our Brains”, available at
https://www.designnews.com/content/ai-will-getsmarter-when-we-better-understand-ourbrains/43818293557782 , accessed on Oct 30, 2018
[36] John Sviokla, “How to Make Decision Making
More Adaptable with Layers”, available at
https://www.sviokla.com/blog/business-strategy/howto-make-decision-making-more-adaptable-with-layers
, accessed on Oct 30, 2018.
[37] Mari Eagar, “What is the difference between
decentralized and distributed systems?”,
available
at
https://medium.com/distributedeconomy/what-is-the-difference-betweendecentralized-and-distributed-systems-f4190a5c6462,
accessed on Oct 30, 2018
[38] Outsource2India, "TOP DATA CLEANSING
TOOLS FOR EFFICIENT DATA SCRUBBING”,
available
at,
https://www.outsource2india.com/DataManagement/ar
ticles/efficient-data-cleansing-tools.asp, accessed Oct
30, 2018.
[39] Sky Matthews, “What is cognitive IoT?”,
available
at
https://www.ibmbigdatahub.com/blog/what-cognitiveiot , accessed on Oct 30, 2018

Technology, Vol. 12 Issue: 3, pp.196-209,
https://doi.org/10.1108/13287261011070821

www.jmess.org
JMESSP13420519

2576

